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Is Imagenet Worth 1 video?
coogeneeoing  €ArNING Strong Image Encoders From 1 Long Unlabelled Video .=
IARAL Shashanka Venkataramanan, Mamshad Rizve, Joao Carreira, Yuki M. Asano®, Yannis Avrithis*
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Which video do we use? DoRA leads to emergent
tracking of objects as Vil
attention masks, even througnh

occlusions

w/0 Sinkhorn-Knopp

e New dataset of open-source
first-person video for the purpose of
virtual Walking Tours

o We Introduce DoRA, a new
Image-pretraining method, aimed at learning
from video frames.
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